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* Object tracking errors are asymmetric: false negatives >> false positives
 The missing objects (FN) are often caused by transformations.

transformation remains challenging due to passive detection limitations.
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Q: “Please describe the object with
{COLOR} contour in <IMG 1>.”
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detecting and describing state changes, accompanied by VOST-TAS, a new * |
benchmark dataset. - » Future directions include improving transformation recall and reducing
5 computational cost of exhaustive tubelet tracking.
* We propose TubeletGraph: a zero-shot framework that recovers missing objects post- ks
transformation by using a spatiotemporal partition of the video and constructs a . 5
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state graph to detect and describe the underlying transformations. _ L ) | | o
TubeletGraph Overview. (1) Partition video into “tubelets” by tracking all regions from the start and initiating

new tracks when untracked pixels emerge; (2) Filter candidates using semantic and spatial proximity priors;
(3) Query VLM to describe transformations; (4) Predict state graph with action verbs and object descriptions.
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* We demonstrate both state-of-the-art tracking performance under transformations as
well as effective detection and description of the transformation itself.



